WXt CEREMDTR S IC & S EEERD SRR

AR R !

AEEKR!

FHEAM 2

P SLAREHRAE 2 MR TR S

{yamaki.ryosuke, taniguchi}@em.ci.ritsumei.ac. jp

“A ball in a box”

“A ball next to a box”’
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FEEDOKIRSEE TN LHLBE T MICE S T
X A MEGAERE T OV EE R B R R EBL LT
W3 —HT, BiEaHZ Y OREEEEICEL T, Fh
LOEBKEELLIZLATVWRWZ e SN
TW3 [1]. AFFETIE ZofMEICH LT, CCG T
O ET L e 7 F 2 VEGRERE T LE
MEadT 22T, 7FRXNHOYIKFELOREFZRLEE
FAZRAICHE 2 72 R ATREIC U, BERERED & 5
RXFERIBEFREIEL X 2 SREMME R T 5.
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HRSFE BT 2 HRAEEE & E UG O NG R
A RE R N THIBED B, AN THIBED EH R
JCFICBWTHEHERFETH 2. AWFETIE, WX
fEfT & 7 % A MEIRAERET VEMRE L, HEREEED
FOSEBEMEEGERE L TREXE 2 Z 2T,
FEHFER & Ao W HRRERE O BB 0 B % H
f69.
HEFEOKRBREEFBEET NV BT T MCE DL T
X A MEGAERE T OV EE R ERAEREEB LT
W3 [2,3,4]. —ATCEBEMBOBIED G, “in” S
“on” 72 ¥ DSLIEMIMSREICRBI L T, ZOEMKEIEL
CHEZALNTVRWZ EREMEATYS [1]. Al
Z4E, K 11Z/RT & 512, Stable Diffusion [4] I “ball”
R “box” LW o mNFBICBE LTI, syl
HHIRT 2EEEER L TVWE—5T, “in” % “next
to” ¥\ o - B 5 FTER (BEERE) 1B LTI, ¥
b6 b “in” OERICHIGT 2HEBGEERLTED,
INHDOEREZRZ SN TV,

FEHFR FizBWT, BASHEZHVEZABE D2
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Ia=r—varyiAfFEns ATHIEER, ok
S LHRERRICBI L T Z DB Z HERRETH 5 Z
YO E LWIS]. HlZiX, “Place aball next to a box.”
DL RiERER Ry M5z Ei, -k
e LK1 ofAfllo#EfRz Ry P2EELTL
F5 b, WYIRATEIZHIRFT 2 2 L3 TER.

ZIT, AAETIEZZD XD RIKAEFE O S8
HEZzHERT 200K LT, BRASED
MAERERZ 7% 2 FEIGERE T VICED A
N2FEZRET 2. BRI, HAerEDE
#ilE S (Combinatory Categorial Grammar: CCG) [6]
WD K WA € 7LV T % % Holographic CCG
(Hol-CCG) [7] 2 7 ¥ A PHIBAERETNMTBIT 5T
FRAPLYya—Re& LTHRAL, Hol-CCG A3t
2 AREEH N C BRI e & AT BEE - fi] - XDy
AGRBL 2 BIRARRICTER T 5. Zhick b, tREERE
DI T S DYIARTE L D BIFR M % Bi{GR G R & o oAt
F% ZeHATREE 7 D, AERAICHERERE O S REFE A%
DHREICR D LB R 5.

EBRED, TFRA M0 oHELNZA0DTEERN -
MEEER T 7% X PERERICTEH T2 2t 0fF
WEZ R T ARERGE SN, B, BRABDER
TIIEREREDV R SRR Lo ERRICERZE W
TWa 7D, LNREROEEMEIARIRDMRL S
ANTVD Z 2 IER S0,
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AR T, 7F R VEHBERETNIBIT ST
FRAPZYa-—RE LTEELPUANICERZEL
CCG IZH D £ 7L TdH %, Hol-CCG [7]
ZAHF3 5. Hol-CCG \ZBTEZEM T o HEE N U]
DOOHERHAFLOHRFHNAERICE > T, Zh b DM
WAFETET % FE 8 B (R e MR BATR Z B RIICE i L
FOMEREZHE TS Z e ARETH Y, HAEED
LB S 2 NAGER 1 o B RN & B A B RS
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X 2: Hol-CCG DE F K],

2 WVWOHARMEDOHMNCHE L 2FEE2BE LTV 3.
Hol-CCG &7 ¥ A ME{GAERET MICHEZ 5N A
N DG Z T L, Z4U0 U7 HEE - 4] -
XOOMEREENT 2. Z2LT, ZhbDPHFE
HEEGEROBOSERNEE LTHWS.
Hol-CCG DE 7 VM EZ X 2 12773 . Hol-CCG
Tl¥, %3 AJ1 X% RoBERTa [8] 7% ¥ D Masked
Language Model 12383 Z & T, XHODOEHFEDITHL
REEES. Z LT, Bon-HEESBERE K
FIBE 9] 12 & » THIRINICAR T2 2 212k - T,
B LUOXDOTHERBLHET 5. KEHEHEOMHE
XA TERSINS.
d-1
[clk = [axb]; = Zaib(kﬂ') mod d )

22T, x BKEMHBEOHEE S, a, bl ZEMATO
BERH, c 3EREOTEERNHTH 5. HlZIX, K2
HOBIDIGE, BRSO EER vos 13RD K
SHERNLEREIC > THEEINS.
Vo5 = (Vo1 % Vi) * (V23 % (V34 % Vai5)) )
F7, THERBEEMT 2B W T, Span-
based Parsing [10] 123D ARG 7 L3 ) X 4
WEoT, ANXPFOLD 6 LWAEZRET
5. ZHUT X o T, ASIXDEEORESCHIBE R % fiF
HLDD, XM T 2 HEE - f] - XOEKR - #i
B ITERE FAT TR T 2 2 e BT
%. Hol-CCG Tl /TR I % HIRINC G T 5 HE
HEWZIEXFEEDPRBREE 2287 X — ZPMFE LR
W EDRETH D, RET IR OEHET
T—Xty MINLUTHHEHARETH 5.

2.2 AttnGAN

AT, 7F A MEBERET L E LT AL
tentional GAN (AttnGAN) [11] Z 3 %. AttnGAN
% Attention #MEIC K - T AN XXH DK HGEDEH
ZHEBERICHDALETFTLTHS. £72, Deep

Attentional Multimodal Similarity Model (DAMSM) &
P2 —ZBWT, TF A b EEERETOXIGRER
ZEMiiT 2 Z 2T, AJITF R MR L TERKRNIC
BT 2 XD REBREENT S.
3 REFZE
3.1 FEHIZE {Hol-CCG ¥ AttnGAN DIREE
A TIE, AtnGAN DT F A P>y a—Xe L
T Hol-CCG Z W3 Z & T, 7% MEBRAERMIC
MEEREEREI D AN 2 FIEEZRET 5. BEFE
DO %2 X 3 12T

%3, Hol-CCG AN X XX RT3 2 Z 22
o T, HFE - ] - XOMEN - BEHRNRERE &
OoMEREHENITS. ZL T, AtnGAN X5
DR ZSEREE L LTHEBEERT 2. X
h BRMICIE, GAN DFENE DIRREZ B3 2 bR
WCHEE R A DRI 2 DR TD Attention D &t
HEITS. 22T, HEEDTBRBEDOATIEIRZ L,
FAIDDERBHDID ANTWD Z e WAFIEOEE
BTChh, Zhk->T, BROBEEBEIFET
% B JeE () 7 A A7 B8 £ 0 18 3 % 1S 2R BGERFZ IS E D
e, X5, JEA D AtnGAN ¥ [FIRRIC, BRI
AR E N HRIEZ DAMSM £ 2 — LICBWT T

F 2 b & OERIZNSEFRARHM SN S, T DFF
MARICENTD, HiE - XOTMERITMZ T

ADNBRBRDP EEREREE LTHVSNS.

32 ETIDOEE
FIRBRFIETIE, AunGAN OARLEE - A0
BTN ->T, 7TFAMRUEBZ Y a—-XDHE
HIFEZITS. ZOHMFHE O FIEIFEARNICIZ
AttnGAN Z 5B L CTE D, WEENERM& O D77EL
REEFWDAD B X5 WHEE{To72. ¥£73, LA
D AttnGAN 1281} % DAMSM E Y 2 — L D2EE I
B9 2 BRI Lpamsy A DRIADED AD %
b DIZHRIR L 72 7RI DWW T T 5.

gDAMSM = gword + gphrase + gsentence (3)

ERIZBT B Lpnrase FFIDITHIEILZ DAMSM E
V2= VI DAL DI, FEHEOPHZICEAL
J2HTHB. ZIZT, Lpamsm NS 2 FHIZZ
e, HEE - ] - XOTHERE L HROREE%
FAWT, 7% R b L EGETOXIGRRE i3 2
7DDbDTH 5. HlZIX, M EOHEGERE 7%
A MERDRT {(Qi, D)IM WL T, Luora EX
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12 K 2 W SCRRRT I E Y.
DBEHICERINS.

M

Pwora = — Y {log P(Qi|D;) +log P(D;|Q1)}  (4)
i=1

728, P(Qi|D;),P(D;|Q;) ZaltHE T 2B LT
EARRTIEENZ T 2255, 7MIE AnGAN @ JC i
X [11] ZBREINT0. £72, Lonrases Lsentence D
SRR Lyora EAETH 5.

Rz, MBIEHREED A3 T2 DI124T - 73R
WEBA U CEBT 5. AtnGAN SR A W 3 B
P A - XORHEICHEENEHREZID AN 512H
72b, RERFIETIECCG A7 a ) OIER% FIH
3 5. CCGAHT7aVIIELBEROERE LT
DOHFESLHIIHNLTH DY ToNEDDTHD, £
S DHFENIEREEATVWS., ZDD, TF A b
LY a—XOERFEHIIBVWT, 7¥Anra—
RT3 2 HEE - ] - XOTEERH»I S, 2o
WHRIRS 2 CCGC AT TYVMNELL FHlENh2 XS
IR EER T D I T, DHEBEABICHER
BIRAWDIAENS K512 F 5. BRI, RO
£ Lyynax EEHET B,

styntax = gword—syn + gphrase—syn + gspan—syn (5)

ZZT, Lruord-syns Lphrase-syn (& IEHEGE - £
W35 CCG A7V DEND YT, Lopan—syn
WERED XN & £ 5 HEEFIDa) Z T 2 D5
D OHIRFRAETD 5. FFAMICEI L Tl Hol-CCG [7]
DETINVERGFEESIREI 0.
FRED Lpamsm & Loyniax PHERTZ T —X
DHFTFE DIBKBEE Loretrain £5 5.
Lpretrain = Lpamsm + Lsynrax (6)
7, TYa-XO¥EHETTRIITDON S GAN
DAL AR & A AR OO B LTt &4 D
AttnGAN Y Al —Td 3 728, AR TIEHHZEIZE S

%. FEMHIZEI LTl AtnGAN DITER [11] 2 5]
N0,

4 R

41 T2ty

KR TIE, 200 EDORZLZT—X1y b %
AWTSHEBRZ1To 7.

COCO 7 ¥ A hEIRAEMRIE T—RANCHNS
#1 T % Common Objects in Context (COCO [12]) %
HHI 723 - D 7= DI W .

CLEVR AHf%ETliX. AunGAN % H {4 K€ 7
N LTERA LA, COCO(HEAEFEDH bW 3
LHEOEGZ &) OB EEmEICERT S Z
ERH LN o, MEEEEO S REHMRICET 5
FHEA 7237 4E 2 AT 5 WIERNEYITH 2 & R .
Z D 7=, AKBFSE Tlx Compositional Language and
Elementary Visual Reasoning (CLEVR [13]) 7 — &t »
MW, 3 AU TR E S OEBICOWTT /
T—YaYERPOHBNIZx Y S a AN
L, SEBICHERAL .

42 NR—=XZA1VF&

RNR—=XAF31421 AtnGAN O 7 F X b T
32— XIZ RoBERTa [8] Z W ET L%, 25
FHELECBVWTRENERITEZINE 2D
M MEERIET 22008t R e LTH
W3, ZOETATIETFAMATIHLT
RoBERTa 281 /13 % [CLS] b —2 Y 2 &Y TV —
FORWMERHZT SERME L L T AunGAN IZ
5 ZHEBGEAERT 5. FilFE 0B KERIE
Lpamsm = Lword + Lsentences Lpretrain = LDAMSM
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# 1: COCO F— &+t v MBI 2 FEBIFHE DR R

Fik FID| R-prec!
AttnGAN [11] 3549  85.47
AttnGAN + VICTR [14] | 29.26  86.39
R—=Z254 1 60.76  87.07
N—254 2 39.55  93.59
FREFE 3129 93.12

R=RF1422 REFRIBOTHDOIEEN
ZHEGERICHOWRWET LVE 2 DOHONRN=-ZXF 4
VFHRET A COEFALEDOHBICL 5T, BE
FREZBOWTH O BRBE T EGAERICE D AR
52 OAMMEMEES . FRE 0EKEET

8DAMSM = gword + Lsentences gsym‘ax = 8word—syn

L.
4.3 FHESE
ZEISFM@  Fréchet Inception Distance (FID") & R-
precision (R-prec?) % FHififsiE ¥ L CTHW 7.
FEHFM 16 LOEBBMECEFHEICL- T
AR N7z 20 HOBEBRZIRR L, SEBSINEZ

F ¥R FARTYERFR O BREGR Y OEBEH K
HEWHERZEIRT 3. 2L TETIEICE > TER

X T BRI X N A Ll L 7.
5 R -EE

EBTE FOEMMHoMSRE - it R 11ITRT.
ﬁﬁ VICTR [14] X AttnGAN D7 F X b a—

Ry — > 75 75 S S RE L o fr
ERIROIFERZ RN D ATV S E0 5, R
Mo OB D 2 7z L FE e LTl B
72, WEREXD, BEFEEFD IIBWTIR—27 4
VERERICHARTEWHREEREL TWS. 251,
R—=2A T4 VFELEMD 2 >oDETFNMITHRTE
LLEWFID Z/R L TW5 7%, GAN D¥H DA
LEMED T2 DIHFENTRB L TS A[REMED D 5 2
LIEEFEEREINIV. 2, BIFEFIEEDFID B
B HIERICEE L T, IRETFIEIZ AtnGAN D TERE
Z k[, VICTR IZHAET 2MHEEEZHHL TV 5.
7B, IBEBFIETIE GAN OFEEREICBIT 524
NR— NG RA—RDBELRETLILT, E6R3
HREm B2 RAEN S, M EXD, REFERIBWL
TH DT HERB N CHGEENERZ 7 % 2 ™ EI{RAERK
WWHLD AT Z & OFENTRBEINS.

1) SEEG e AR RO R R 22 T 0 O HiEkE % 5 1
ETHY, HA/NSWIECERERISENE L AT

2) EREHMEY 7 ¥ X MEHEEOELE 2T 215ETH
D, B 100 1IZEWVE EEREBRE AT T X A b DEMFICE
BLTWB AT,

RETE

R—=ATAVIR=RAFTL 2
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I4ammk£ﬁ%$m @m&ﬁrix
b : “large yellow sphere is to the left front of small blue
cylinder, and large yellow sphere is to the left behind of
small green sphere”). 12 % F{£ DY “yellow sphere” &
“blue cylinder” D7 & B % (“to the left front of ") % i
BIEREICKRL TV 2.

FHFME SFEC X o TER SN HGEIER
SMF I & > GEIREINW BB E 2z z2h, R—2A
42 1:39.1%, N—2 74> 2 18.1%, REFE:
42.8% L 75 o 7z, EEBRBME IHI/R L - E{R O —H)
2 41TRT. Koflowkiz, BEFENLR—ZF
A YFHEHART, ANTF X HEAT 2Y1KF
+ofERMGRE XD EMRICHEZ ZESZ AR L Tn

LHINEBA SN, —5T, R=X74 1
RFEOHEGIEIRIN-EENEETHE

PHEZ B, KEBIICETFEROEZ NI VWL E
2o, BEFEOAMEE T RIATOR
WeEZL, 20D, AT 57T XA NDOEME
X GAN DB IZBIT B2 NA =T X —XDERE
REWCIORIBURPDRBETHEEEZITWS. 2
B, R=ZX 74 v 2 OHEGEMERINI-EHE IO
2 ODFRICHNRTEL LKL, ZOFKRIIBWT
X GAN D2EBICERR L TV B A[EEND H B Z LI
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AT IR e 7 X X B @%m%?»%
METEZICk-o THASIECBIY 2HEEED
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Z b L:i(ﬂ‘LT%Y%M%?/LﬁHﬂJ?%%’E%H‘J D=3
RAVIE SR % & A 72 BEE0 ) D 70 R B 2 AR BRI
Eﬁ?é:tf,%%%#m?%%ﬂi@%%ﬁ%
I RIEHR & ST 7B OAEBICE D fHA 7S, 5
BRED, MEFEOAMNEZ R T 2 BB AR
NE LN,

SHOBELE L LT, BE&4ERE D % Stable
Diffusion [4] 72 ¥ DILEE T LR — 2D & DITEH
L, D EMEREBROEREREICT S Z &%,
YIARIE L DAL E RS R ICEE 3 2 RIS O FTER - £%
REREICBI L C, K DFFMIZRSEER - M2 TS 22 X
EnEFoN5.
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