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Train Dev Test
Section number 02-21 00 23
Number of sentences | 39,604 1,913 2,407
Number of words 929,552 45,422 55,371

K2 EFNDEFIETEINLNR—RFT X=X,

Hyperparameters | Values

Epochs 10

Batch size 16

Learning rates le-4(base), 1e-5(fine-tune)
AdamW pS’s 0.9, 0.999

AdamW € le-6

Weight decay 0.01

Dropout probability | 0.2
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Objective Parser Acc LF

2, (baseline) C&C | 96.46+0.02 91.86+0.03

Lw+Z)p C&C | 96.56+0.01 91.95+0.02

Lo + Ly C&C | 96.51+0.03 91.89+0.03
C&C | 96.58+0.02 92.00+0.03

FutIp+ds oon - 92.47+0.07

R4 TRAMT—RIZBI2HEFETIE L OMEREHEL

Model Parser | Acc LF
Vaswani et al. [3] C&C | 9424 88.32
Tian et al. [4] C&C | 96.25 90.58

Bhargava and Penn [5] C&C | 96.00 90.9
Prange et al. [6] C&C | 96.22 9091
Liu et al. [7] C&C | 96.05 89.80
Clark [11] (Transformer i)  Span - 92.9
o — C&C | 96.50 92.11
RBETN (L +Lp + L) Span T 9260
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A Span-based Parsing 7ZJL3 VU X Ly

Algorithm 1 Span-based CKY Parsing

11 Vo1, V12, "+ » Vne1:n = Encode(wi, wa, -+, wy,) > LY A— X TXHDEHEER R FIVICEH
2: fori=0,--- ,n—1do

3 Py(ii+1) = SM(Quo(LN(UyViist +by)) +¢y) > FEEBICNS 2 7 7 3 ) 4R 2 E
4 for C € {X|P,(i,i + 1)[X] > t,, = 0.1} do > Po(i, ) [X] XM [, j1 ST 2073 X OFLHER
5: probli,i+1,C] =log P, (i,i + 1)[C]

6 vector[i,i +1,C] = Vi.iq

7. forl=2,--- ,ndo

8: fori=0,---,n-1[do

9: j=i+l

10: fork=i+1,---,j—1do

11: for C, € {X|probli, k,X] > 0} do

12: vi.x = vector|i, k,Cq]

13: for C; € {X|problk, j,X] > 0} do

14: Vi.j = vector[k, j, Ca]

15: Viij = Vick * Vi) > IKEAHES TR b L E B AR
16: Py (i, j) = Sigmoid(qlo (LN (Uyv;.j + by)) + ¢5) > A)DSANNL T B HER B F1E
17: if P(i, j) > ts = 0.01 then

18: P,(i,j) = SM(Q,a(LN(U,v;.; +b,)) +¢,) > AR 2 A 7 3V B4R 2 G A
19: for C € {X|C,C> — X € R} do > R IIHHAE DA
20: if P, (i, j)[C] > t, = 0.01 then

21: p =log Ps(i, j) +log Py (i, j)[C] + prob[i, k,Ci] + problk, j, C>]

22: if p > probli, j,C] then

23: probli,j,Cl=p

24: backpointerli, j,C] = (k,Cy, C3)

25: vector[i, j,C] = v;.j

AW B W TE & D3 E A L 7z Span-based Parsing D 7 )L 3V X L% Algorithm 1 1Z/RS. fHl&{L D7z,
EiE7ra ) XA TIE, CCG DHMAGHLERAD 55, Binary DHAIDAZERITE L U25E ONEFIEE R
LTWwW3. %, CCG IZiX Type-raising 72 ¥ @ Unary O HRAIDFET 27280, LR 713V XAIIMAT,
Unary DFRENC X o THEREINE T3V 2 F v — MIEBMT 281D 5.
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