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Algorithm 1 b Vv 7 DHER

function find_topic(u, €)
if u < ve then
return e
else
u=(u-ve)/(1-ve); k=1
while True do
if u < 1-TT%_, (1-y¢;) then break
else
k+=1
Create €k if necessary
end if
end while
(=D =ye) + 15 (1-ve))
wek . n§:1(1_(//ej)
return find_topic(u, €k)

end if
end function
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Algorithm2 by 7 DX T RAH > T v 7
function sample_assignment(e€)
a=0;b=1;p="Unif[0,1) - p(€)
while True do

u = Unif [ a, b)
€’ = find_topic(u, €o0t)
g =p(€)
if ¢ > p then return €’
else
ife’ <ethen b=uelsea=u
end if
end while
end function
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