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o(P(x)) Figure 4.10. The top 15 strings

are samples from X 1%, where
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—50.1 p1 = 0.1 and pg = 0.9. The

—37.3  bottom two are the most and

—65.9 least probable strings in this

_56.4 ensemble. The.ﬁn-al column shows
< the log-probabilities of the

—53.2 random strings, which may be

—43.7  compared with the entropy

—46.8  H(X'199) = 46.9 bits.
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Story Generation

PPL (g) PPL (1) MAUVE (1)  REP({) Zipft D (T) Human (1)
Reference 16.33 26.71 - 0.28 1.09 0.85 4.12(+0.02)
Temperature (7=0.5) 25.34(+9.01) 18.78(-7.93) 0.95 0.25 1.07(-0.02) 0.87 4.13(+0.02)
Temperature (7=1) 25.67(+9.39) 11.77(—14.94) 0.95 0.26 1.07(-0.02) 0.87 4.13(+0.02)
Nucleus (17=0.9) 7.75(-8.58) 10.25(—16.46) 0.95 0.35 1.29(+0.200 0.79  4.09(%0.02)
Nucleus (7=0.95) 11.65(-4.68) 11.77(—14.94) 0.95 0.30 1.20(+0.11) 0.84  4.13(+0.02)
Top-k (k=30) 7.07(-9.26) 18.78(-7.93) 0.88 0.35 1.41(+0.32) 0.80 4.13(+0.02)
Top-k (k=40) 11.83(-4.5  13.08(-13.63) 0.92 0.35 1.33(+0.24)  0.82  4.09(x0.02)
Mirostat (7=3) 8.14(-8.19) 23.53(-3.18) 0.93 0.34 1.30(+0.21) 0.83  4.12(+0.02)
Typical (7=0.2) 14.25(-2.08) 23.51(-3.20) 0.78 030  1.27(+0.18) 0.84  4.15(+0.02)
Typical (7=0.95) 11.59(-4.74)  11.77(-14.94) 0.96 0.31 1.21(+0.12) 0.84  4.13(x0.02)
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Abstractive Summarization

PPL (g) PPL (i) MauVE (1)  Rep(]) Zipf D (1) Human (1)
Reference 10.29 34.21 - %13 0.76 0.97 4.31 (+0.03)
Beam (k=5) 1.39 (—8.90) 34.21 (—0.00) 0.90 0.14  0.77 (+0.01) 097  4.35 (+0.03)
Temperature (7=0.5) 7.10(-3.19) 55.31 (+2L.1) 0.97 0.15 0.75 (-0.01) 097  4.25 (+0.03)
Temperature (7=1) 6.46 (-3.83) 35.96 (+1.75) 0.95 0.14 0.75 (—0.01) 0.97 4.29 (+0.03)
Nucleus (n=0.9) 297 (-7.32) 33.63 (-0.58) 0.90 0.17 093 (+0.17) 0.96 4.26 (+0.03)
Nucleus (n=0.95) 3.96 (-6.33) 56.43 (+22.22) 0.99 0.15 091 (+0.15) 097 4.26 (+0.03)
Top-k (k=30) 3.13 (-7.16) 34.79 (+0.58) 0.98 0.16 093 (+0.17) 097 4.31 (+0.03)
Top-k (k=40) 3.26 (-7.03) 28.38 (-5.83) 0.96 0.16 093 +0.17) 097 4.29 (+0.03)
Typical (7=0.2) 3.80 (—6.49) 62.33 (+28.12) 0.72 0.14 091 (+0.15) 0.97 4.27 (+0.03)
Typical (7=0.95) 3.86 (—6.43) 56.67 (+22.46) 0.96 .15 0.92 (+0.16y 097  4.32 (+0.03)
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k=30

Typical
T =0.95

A lawyer for Dr. Anthony Moschetto says the charges against him are baseless. Moschetto, 54,
was arrested for selling drugs and weapons, prosecutors say. Authorities allege Moschetto hired
accomplices to burn down the practice of former associate.

Dr. Anthony Moschetto faces criminal solicitation, conspiracy, burglary, arson and weapons
charges.

‘None of anything in this case has any evidentiary value,”” his attorney says.

Dr. Anthony Moschetto, 54, pleaded not guilty to charges[Wednesday] Two men — identified

as[J ames Chmela and James Kalamaras]— were named as accomplices.

Dr. Anthony Moschetto is accused of providing police with weapons and prescription drugs.
Authorities say he was part of a conspiracy to[harm or kill a rival doctor.]His attorney calls
the allegations against his client °

‘completely unsubstantiated™
Dr. Anthony Moschetto is charged with crimes including arson, conspiracy, burglary, prescription
sale, weapons charges. His attorney says “*

none of anything in this case has any evidentiary value’’
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